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Volatility Estimation python code(wilmott CH49)

367 HEE =2 B + 15 1A
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[ 310200 _Volatility_Estimation(wilmott_CH49)_%HS ipynk
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Level up with the largest Al
& ML community

Join over 17M+ machine learners to share, stress test, and stay
up-to-date on all the latest ML techniques and technologies.
Discover a huge repository of community-published models,
data & code for your next project.

G Register with Google Register with Email

Who's on Kaggle?

Learners Developers -, Researchers
Dive into Kaggle courses, competitions f Leverage Kaggle's models, notebooks i Advance ML with our pre-trained
& forums. ’ & datasets. model hub & competitions.
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@ HOME CREDIT GROUP - FEATURED CODE COMPETITION - 2 MONTHS TO GO

Home Credit - Credit Risk Model Stability

Create a model measured against feature stability over time

Overview Data Code Models Discussion Leaderboard Rules

Overview

The goal of this competition is to predict which clients are more likely to default on their loans. The evaluation will favor
solutions that are stable over time.

Your participation may offer consumer finance providers a more reliable and longer-lasting way to assess a potential
client's default risk.

Start Close

a month ago 2 months to go

@
Merger & Entry

Description

The absence of a credit history might mean a lot of things, including young age or a preference for cash. Without
traditional data, someone with little to no credit history is likely to be denied. Consumer finance providers must
accurately determine which clients can repay a loan and which cannot and data is key. If data science could help better

Competition Host
Home Credit Group

Prizes & Awards

$105,000
Awards Points & Medals

Participation
817 Competitors
698 Teams
3,784 Entries

Tags

| Banking |

Table of Contents
I Overview

Description




https://www.kaggle.com/code/ninetyninenewton/prediction-of-stock-market-volatility

@ YEJOON LEE - LINKED TO GITHUB - 2Y AGO - 16,370 VIEWS ] Copy & Edit | 185 .

Prediction of Stock Market Volatility

Python - Volatility Index around the world, [Private Datasource], [Private Datasource] +1

Notebook Input Output Logs Comments (3)

) Version 37 of 37

TensorFlow | Finance Neural Networks.__;
 Time Serles Analysis | Economics | | SciPy | | Korea |
Table of Contents >

Prediction of Volatility with Econometrics-Deep Learning Integrated Model - N
Prediction of Volatility with Econom..

: Predicting VKOSPI with GARCH-RNN Model | o.setup

In the era of uncertainty, the market volatility has never been higher. VIX, also known as the 'fear index' had hit record high in 1. Preprocess Data

the midst of COVID-19. Predicting tomorrow's volatility is key to the future investment. . X . - .
2. Estimate historical volatility with ..

Meanwhile, machine learning boom is overtaking every industry from automobile to retail. The machine learning solution is 3. Exploratory Data Analysis

revolutionary; in other words, it has little respect to the conventional ways of doing things. This rigidness might come as a

shortcoming in some cases. 4. Data Preprocessing for Neural Net]
. . . . . P . 5. Neural Network

This notebook aims to predict market volatility. Instead of mere machine learning, it is integrated with a good ol'

econometric(statistical) model. Data from Korean stock market during 2009 to 2019 was employed. The target data is VKOSPI 6. Result

which represents the volatility in Korean stock market.
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Days before OpenAI Days after OpenAI

Developer coding ChatGPT generates
Codes - 5 min

Developer debugging
- 6 hours - 24 hours

Sl Pl
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ChoiInYeol / README . md

InYeol Choi

KyungHee UNIV.

Choi In-Yeol.

Department of Software Convergence, Kyung Hee University

khu_indi KyungHee UNIV. FELAB
ChoilnYeol

Want to be a Quant Al Researcher
B.S. in Software Convergence, Kyung Hee

University Master student of Artificial
Intelligence, Kyung Hee University By Tech Stack Wy

Edit profile # Platforms & Languages 4
A 27 followers - 50 following - - _ _

KyungHee University % Tools ¥

() Korea, Suwon
Vi i Code. O G
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Lists (10) Sort = -

on repositories
h 48 repositori

Quant Quant love... 202 repositories
Productivity 54 repositories

Whisper 13 repositories

Trending 7 repositories

Segmentation Segmentation .zip 7 repositories

crypto 1 repository

4 repositories

Show all lists...
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Capital Asset Pricing Model (Asset priCing mOdeIs USing deep Iearning

Fama-French Three-Factor Model

C}2 o2 Fama-French Three-Factor ModellE2ma and French, 1993]gy) cijsfj ZHers| MmHsizi4LCH

Fama-French 222 Eugene Fama®t Kenneth Frenchdi| 2|8l 199301 MA|El 2R =2, CAPMZ 2HESHo] XHAte] 49
networks) £ Moiste ol 5 74K 27150l 2018 EYIRALICE o] SHE AR I S0l SlAlel 72, Sizeot AETHA o AIZITH
Autoencoder Asset Pricing Model 9| H|2, Value0| 12 &2 De{gtL|Ct.

Paper Review - Autoencoder Asset

Pricing Models 7 HR

Code Review #1 - Build Stock

B2l WESIT 7I¥tel YnalFo| BHEO Tzt oIBAISE H MANOT ME STAIS HolD ULIc 913
Ol ML 2IoH, WEolEet S2HLC HEL| WH SO 018 LS WE HEHS HolT . 1 5, 382 2IBIS0

A2 cf
Dataset

Code Review #2 - Stock Data EDA B1O| SHRE] HOLE GJANE|O] A2 B2 HT7} 53 SIALICH

Code Review #3 - Modeling
B0IIM, T HMES 2otd 4= AUCHA L2 ARAH HIF Y 23t +=0|E8 oiME + UA| ELICh 2 H7= 223 HEof Atk
O oLt SHOZ LEEA=XIE HElE HESIE Sol #5T A7 (Gy, Kelly, and Xiu, 2021)E HIE2Z, st=io| AIF 2213t
2 2918 g2l =930 2io= XZH Helo) uwga B ShAlstn X3} ol B2 siAlstaR FLICL

Gu, Kelly, and Xiu(GKX, 2021)2 7|&E2| {2 JiEnt Hiled 7|52l REQITEHE Helott] H|dd 2A S o & mofsh 4= Ql= &
I 22l RHEZ Ao = X4t 7H IHFHUZE O & ofsliotn o= F=HY 2 A7 |= Y E FeriiEL T 1 Introduction.

Kelly, Pruitt, and Su(2019)0f|M AH2E|= B EXQ! instrumental betalf] 4EY AHES = Ee| BCt AT HEZHH|MEAM 5l
U2 oT FF AEQ| 2|A3-0|5 EA0| HA 2 7|=E HESh= ol 7|HRELICE siE =20 M Hetel RLEQIRMH DH2
Fama-French 2% PCA g 5l IPCAS} ZH2 MH =71} uhn} ZM gl 5rf 24381 As2 Hell|ct

Fama-French 222 CAPMO| AIZ /& H, Zhitel =9l E0]| &S Olkl= 7152l R2ISE 1ast o
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AICH7L O] =22 S&T 28 o[5S REsh= ol A0 Haid 718 =05 25 2 H5E FHMshs ol A
o 2. The Formula:
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